g2 B8y FEERERER Vol. 12, No.8
2007 £ 8 H Journal of Image and Graphics Aug. , 2007

ETRAMFIEEENS SR Z
% & HAK

V(ARTRBRET AN ESHRLE, BAKE 150001) 2 (MIIBHHALHBIREEE, BB 610066)

R E NTHRERRRSE RET—HETRANFIEEECS BRI FTE. 55555050 5% 555
HBHIRENRFH REBERENRFEISRNARKEERRNEM G EER, E9re5) 580 E b KEE
BEHEMEHNHR RSB, B—HUBREREREREES AN 2B, BOH JE 85 5 5 B R L
RETEWERPNEHARLEHEL, TERFHERTSEHMEMEL. B, 528 DCT MR M S 55
TEHFTRES 3R RBF HERG#TEEN K, EHALBREELOMRERERN, AT LG LT LR,
XREA 4APRERHN SBRS BYPFAREEE BBRA%LTH BAEREMHSNL

P ESHS: TP391.41 XRARIRT: A XEHS: 1006-8961 (2007)08-1383-06

A Novel Gait Recognition Method Using Periodic Sequence Width Image
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Abstract A novel gait recognition method based on periodic sequence width images is proposed in order to gain gait
quickly and correctly. This method transforms the 2D silhouette contours sequences to width vector sequences according to
the gait cycle. The vector sequences are turned into the periodic sequence width images, presented by grey values. These
grey values can exactly depict the gait motion. The periodic sequence width images contain both the static and dynamic gait
characteristics, which not only keep the shape structure information of each frame, but also represent the variant movement
information of gait sequence excellently. Furthermore, the new method greatly reduces the image dimension by discrete
cosine transforms and adopts the radial basis function neural networks to identify the gait. Experiments prove this method is
simple and effective in theory and application.
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Fig.1 An example of silhouette extraction
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Fig.2 Representation of the width vectors
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Fig.3 The periodic sequence width image
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